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What are the differences between the different gradient-based numerical optimization methods?, https://scicomp.stackexchange.com/questions /26960 /what-are-the-differences-

between-the-different-gradient-based-numerical-optimiza

W. Hager, H. Zhang, “A Survey Of Nonlinear Conjugate Gradient Methods,” Pac. J. Optim. 2, No. 1, 35-58, 2006.

“Conjugate Gradient,” https://bookdown.org/rdpeng/advstatcomp /conjugate-gradient.html

M. Zibulevsky, “Method of Conjugate Gradients,” https://www.youtube.com/watch?v=hZVK PGEQ |

“Proving the Vector Projection Formula,” hitps://www.youtube.com/watch?2v=MdfArHIKWZc

“Orthogonal Projections,” http://mathonline.wikidot.com/orthogonal-projections
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